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Introduction and Summary 

 I have been retained by counsel for Plaintiffs in the above-captioned 

litigation, who have asked me to provide my opinions about reports submitted in 

this case by Michael Barber and Jonathan Klick, as well as the assertions of the 

Florida Secretary of State and Defendant-Intervenors, the National Republican 

Senate Committee and the Republican Governors Association. 

 These individuals and organizations expressed a variety of opinions intended 

to discredit principal assertions made in the first report that I submitted in this case. 

As I explain below, these critiques are not valid and do not undermine the 

arguments that I made. 

I. THE EXISTENCE AND SIZES OF PRIMACY EFFECTS 

Defendant-Intervenors, in their Response (at 11), asserted that “scholars 

fiercely debate” position bias, and Dr. Klick asserted that existing literature is “not 

nearly as definitive” as I claimed with regard to the prevalence of primacy effects 

in elections. These assertions are wrong. There has been fierce debate among large 

numbers of scholars on many issues, but this is not one of them.  

 Defendant-Intervenors cited just one study in making this assertion, by Ho 

and Imai (2008), which as set forth by my first report, reached conclusions 

regarding California elections that are incorrect, because the authors unknowingly 

analyzed error-laden data and failed to use optimal statistical procedures. Contrary 

Case 4:18-cv-00262-MW-CAS   Document 54   Filed 07/20/18   Page 2 of 47



3 
 

to the assertions made by Defendant-Intervenors, I conducted analyses of the same 

elections examined by Ho and Imai (2008) (plus other data) and found that 

statistically significant primacy effects have been rampant in California, that Ho 

and Imai analyzed their error-prone data suboptimally (because they did not 

control for assembly district predilections), and incorrectly asserted that various 

different approaches to conducting statistical analyses yield different conclusions 

(Pasek et al., 2014). In fact, the very data Ho and Imai examined (after error 

corrections) and analytic methods they advocated (with improved control 

variables) support the conclusion of rampant primacy effects. See First Krosnick 

Report at 19-20. 

Dr. Klick discussed just a few studies in arguing that name order effects 

have not been documented as widely as I argued. I leave it to the reader to review 

the much larger set of results and studies that I discussed in my first report (the 

“First Krosnick Report”) and that Dr. Klick did not dispute. Taken together, they 

powerfully support the conclusion that I reached: primacy effects have been 

rampant in American elections and elections abroad as well.  

 Dr. Barber critiqued the paper by Miller and Krosnick (1998). He did not 

dispute my conclusion that “the vast majority” of the name order effects in the 

elections examined in that study were positive, indicating that primacy effects 

predominated in those elections. Instead, Dr. Barber reviewed the sizes of the name 
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order effects and summarized them in Figure 1 of his Report. But Dr. Barber was 

incorrect when he said that the distribution is “centered” near zero. In fact, visual 

inspection of the distribution in his Figure 1 shows that the center-point of the 

visual display is closer to 2 percentage points. Perhaps Dr. Barber meant to say that 

the mode (the most common effect size) was close to zero. But that is not a 

particularly informative statistic – more important is that there were many primacy 

effects in these races, which Dr. Barber did not dispute.  

Importantly, Dr. Barber made a series of errors when constructing his Figure 

1. He wrote that “Figure 1 shows the distribution of the estimates from Table 8 in 

the Krosnick memo” (Barber Rep. at 4) and that “Data for this chart are from Table 

8 of Krosnick memo” (id. at 6). However, the numbers in the electronic file Dr. 

Barber used to produce Figure 1 (“ohio.csv” supplied by Defendant-Intervenors) 

do not match the numbers in Table 8 of the First Krosnick Report. In particular, at 

least four types of errors are evident: 

• Omissions: Dr. Barber omitted all 41 observations that appear on page 80 of 
my report; 
 

• Redundancies: Dr. Barber double-entered 5 observations from page 78 of 
my report and all 41 observations from page 79 of my report; 

 
• Sign errors: One of the numbers in Dr. Barber’s file has the wrong 

algebraic sign; and 
 

• Wrong sample size: Table 8 of my report has 462 observations, but Dr. 
Barber’s file has 467 observations. 
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Thus, there are at least 88 (41 + 5 + 41 + 1) data entry errors, representing 88/462 

= 19.05% of the original data. Thus, Barber entered nearly one-fifth of the data 

incorrectly and analyzed a file in which nearly one-fifth of the observations were 

wrong. For this reason, his Figure 1 and the conclusions he drew from it should be 

disregarded. 

Dr. Klick offered an incorrect alternative perspective on my description of 

the rate at which statistically significant name order effects occurred in Ohio, as 

documented by Miller and Krosnick (1998). He noted that of 118 races examined, 

48% of them manifested statistically significant name order effects, and he said 

that in a set of multiple tests like this, some will be statistically significant by 

chance alone, even if no name order effect had been present. And he alleged that 

taking this into account “would surely have led to many fewer than 48 percent of 

the races exhibiting a statistically significant ballot order effect.” (Klick Rep. at 2).  

However, this conclusion is wrong. Using the p-value of .05 to determine 

statistical significance, as I did, just 5% of tests of statistical significance should 

yield significant differences by chance alone. It is simple to subtract 5% from the 

48% reported, and this yields a lower bound estimate of 43% of the races 

manifesting statistically significant name order effects. This is certainly not “many 

fewer” than 48%. More importantly, Dr. Klick overlooked the fact that among the 

races that did not individually manifest a statistically significant name order effect 
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in Ohio, a huge majority manifested trends in the direction of primacy effects, 

which is a startlingly statistically significant trend with a p-value of less than 

.0001. This single test says that the probability of the observed pattern occurring by 

chance alone is miniscule – much more likely is the fact that primacy effects were 

rampant in Ohio in the races examined. 

Dr. Klick reviewed findings reported by Krosnick, Miller, and Tichy (2004) 

and noted some instances in which name order effects were not statistically 

significant. But what he did not say in his Report is that even in the races where 

that occurred, other evidence indicates convincingly that a real name order effect 

was indeed present. The size of the name order effect, coupled with large variation 

in voting results across geographic units in race, leads some tests of statistical 

significance to be false negatives, thereby underestimating the prevalence of name 

order effects.  

Dr. Klick suggested that conducting many tests of statistical significance led 

Pasek et al. (2014) to conclude incorrectly that name order effects occurred when 

they did not. But again, Dr. Klick was incorrect. Pasek et al. (2014) reported only 

one fundamental test of the significance of name order effects, so the p-value of 

this test properly evaluates the likelihood that name order effects occurred. And 

this test showed the likelihood to be extremely high. 

Finally, Defendant-Intervenors asserted (Response at 10-11) that courts have 
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“examined a number of reputable studies on the effects of ballot position on 

election outcomes, finding mixed results.” In support of this conclusion, Defendant 

Intervenor cited cases from 1976 and 1969. However, as I made clear in my first 

report in this case, a huge amount of scholarship has unfolded since then, and that 

body of work now provides a very solid scientific basis to conclude that primacy 

effects have been rampant in elections. 

A. Primacy Effects Occur in Virtually All Races Examined 

 Dr. Barber asserted that according to past research, primacy effects “are only 

found in particular types of races.” But this is not true. In the Miller and Krosnick 

(1998) study, for example, primacy effects were found in virtually all races 

examined, even though the magnitude of the primacy effects varied from race to 

race to some degree, depending partly on the characteristics of the race (e.g., the 

publicity received, whether an incumbent is running, whether the candidates’ party 

affiliations are listed on the ballot).  

 Furthermore, Dr. Barber was incorrect when he said that name order effects 

were “consistently … smaller” in high profile races with partisan cues. Just one 

example, described in the First Krosnick Report, is the fact that in New Hampshire 

in the 2016 general election for president, Donald Trump and Hilary Clinton both 

enjoyed primacy effects (MacInnis & Krosnick, 2017; see also First Krosnick Rep. 

at 28). And as is apparent, sizable primacy effects appeared in a number of high 
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profile races presented in Table 8 in the First Krosnick Report.  

Similarly, Defendant-Intervenors (Resp. at 13) asserted that the effect of 

name order on voting is weaker than other factors, such as incumbency and party 

identification, and asserted that when candidates’ party affiliations are known by 

voters, name order effects are “of little consequence.” This is flatly incorrect, also 

as illustrated by the fact that Donald Trump and Hilary Clinton both experienced 

primacy effects in New Hampshire in the 2016 general election for president, as 

have many other candidates whose party affiliations were listed on ballots. All of 

Defendant Intervenor’s quotes on p. 13 are very old, do not reflect more recent 

work, and are therefore uninformative.  

B. My Prior Statements Regarding Primacy Effects Explained 

 Dr. Klick noted a sentence in the abstract of my first publication on 

candidate name order effects (Miller & Krosnick, 1998): “the magnitude of name 

order effects observed here suggests that they have probably done little to 

undermine the democratic process in contemporary America.” But Dr. Klick failed 

to note another sentence in the same paper: “[b]ecause our results indicate that 

there is more than a slim chance that name order could affect the outcome of a 

close election, it clearly seems worthwhile for all states to assign positions to all 

candidates equally often across precincts.” (Miller & Krosnick, 1998, p. 319). 

Thus, I was just as clear then, as I am now, that the scientific evidence on 
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candidate name order effects justifies name order variation across voters in each 

race. 

 My statement that name order effects did little to undermine democracy was 

based on a specific analysis described on page 319 of my paper (Miller & 

Krosnick, 1998):  

[F]our of the races we examined would have had different results if 
only one name order had been used, depending on which was chosen 
(the Franklin County races for county commissioner I, supreme court 
justice I, and court of appeals judge IV, and the Cuyahoga County 
commissioner I race). These four races represent only 3 percent of the 
races we examined, but they nonetheless suggest that effort be spent 
to balance name orders in future elections and that states without 
statutes requiring name rotation consider adopting them. 
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 But during the twenty years since I published that article, my opinion has 

changed about the political significance of candidate name orders, in large part due 

to an increase in the number of extremely close elections in a number of high-

profile, important races in the intervening years. For example, in all presidential 

elections held in the states and the District of Columbia between 1972 and 1996, 

2.8% were won by a margin of victory of one percentage point or less. But 

between 2000 and 2016, that number doubled: 5.9% of races were won by a 

margin of one percentage point or less.  

This trend toward small margins of victory is also illustrated by the 

following graph showing the relation of the margin of victory in the popular vote 

in the race for President over the years. The best-fitting line displayed in the figure  
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shows that the margins of victory have been shrinking over time. Because close  

elections are becoming more and more common, name order effects have the 

potential to influence more and more of their outcomes, thus threatening the 

operation of legitimate democracy in America. 

 In fact, based on my studies of the U.S. Presidential elections in 2000 and in 

2016, I believe that candidate name order effects have had profound effects on the 

nation. For example, George W. Bush’s razor-thin victory in the State of Florida’s 

count of votes in 2000 caused Mr. Bush to win that election. And Mr. Bush was 

listed first on every ballot in Florida in that year. Given the size of the candidate 

name order effect that I have observed in states that rotated name order in that 

election, I believe that the nation would have had a different President in 2001 had 
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the law in Florida rotated name order. 

 A similarly striking pattern of data appeared in my study of the 2016 U.S. 

Presidential election.1 President Trump was listed first on all ballots in almost all 

of the states in which he won by a razor-thin margin. And my study of voting in 

New Hampshire shows that name order affected voting behavior in that race, as in 

nearly all other races we have studied. The magnitude of the name order effect in 

New Hampshire was substantial enough to suggest that Mr. Trump would probably 

not have been elected if those states had varied name order across voters.  

 To illustrate the prevalence of close elections in Florida that would likely 

have been reversed if name order had been rotated, I implemented a series of 

calculations based on my estimate of the primacy effect in Florida. As set forth in 

my first report, I estimated that Republicans gained a 2.70% advantage, and 

Democrats gained a 1.96% advantage, by being listed first on Florida ballots. The 

average of these two estimates is 2.33. Thus, any major party candidate who 

appears first on all ballots in Florida can expect to gain 2.33 percentage points, on 

average. Therefore, a reasonable prediction is that the outcome of every race in 

which the winner was listed first on all ballots and that was won by a margin of 

                                                 
1 In noting these two examples, I am not making a partisan statement. If Al Gore 
had been listed first on all ballots in Florida in 2000 and had won that election 
according to the State’s vote count, I would view that turn of events in the same 
way that I view Mr. Bush’s and Mr. Trump’s victories. 
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less than 2.33 would have had a different outcome if name order had been varied 

across voters.  

Using this information, I identified some races in my Florida dataset in 

which the outcome would have been reversed if candidate name order had been 

varied across voters. This dataset included all election races run between 1978 and 

2018 with at least two candidates, including exactly one Democrat and exactly one 

Republican.  

As shown in the following table, the outcomes of at least 65 elections (some 

won by Republicans and some won by Democrats) would have changed if the 

order of candidate names had been varied across voters. The 65 elections that I 

have identified include races for the following offices: President of the United 

States, United States Senator, United States Representative, Florida Governor, 

Florida State Senator, Florida State Representative, State Attorney, Public 

Defender, and Commissioner of Agriculture.  

Florida Races That Could Have Had a Different Outcome If Name Order Had Been 
Varied Across Voters 

Race Date 
Party of 
Victor 

Margin of 
Victory 

Commissioner of Agriculture 11/8/94 Democrat 1.91 
Governor and Lieutenant Governor 11/8/94 Democrat 1.52 
Governor and Lieutenant Governor 11/2/10 Republican 1.15 
Governor and Lieutenant Governor 11/4/14 Republican 1.08 
President of the United States 11/7/00 Republican .01 
President of the United States 11/8/16 Republican 1.20 
Public Defender 11/4/08 Republican 1.02 
State Attorney 11/3/92 Democrat .49 
State Attorney 11/5/96 Democrat 1.79 
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State Representative 11/7/78 Democrat 2.05 
State Representative 11/7/78 Democrat 1.77 
State Representative 11/7/78 Democrat 2.18 
State Representative 11/7/78 Democrat 1.11 
State Representative 11/4/80 Democrat .68 
State Representative 11/2/82 Democrat .69 
State Representative 11/2/82 Democrat 1.49 
State Representative 11/6/84 Democrat 1.29 
State Representative 11/6/84 Democrat 1.14 
State Representative 11/6/84 Democrat .12 
State Representative 11/4/86 Democrat 1.55 
State Representative 11/4/86 Democrat .78 
State Representative 11/4/86 Democrat 1.27 
State Representative 11/4/86 Democrat 1.38 
State Representative 11/6/90 Republican 1.77 
State Representative 11/6/90 Republican .56 
State Representative 11/3/92 Democrat .67 
State Representative 11/3/92 Democrat 1.62 
State Representative 11/3/92 Democrat .49 
State Representative 11/3/92 Democrat .01 
State Representative 11/3/92 Democrat .76 
State Representative 11/3/92 Democrat 1.55 
State Representative 11/3/92 Democrat .68 
State Representative 11/8/94 Democrat 1.12 
State Representative 11/8/94 Democrat 1.48 
State Representative 11/8/94 Democrat 1.37 
State Representative 11/8/94 Democrat 1.08 
State Representative 11/8/94 Democrat 1.48 
State Representative 11/5/96 Democrat 1.99 
State Representative 11/3/98 Democrat 2.01 
State Representative 11/3/98 Democrat .63 
State Representative 11/7/00 Republican .61 
State Representative 11/7/00 Republican .85 
State Representative 11/5/02 Republican .07 
State Representative 11/7/06 Republican 1.89 
State Representative 11/7/06 Republican 1.12 
State Representative 11/7/06 Republican 1.15 
State Representative 11/4/08 Republican 1.96 
State Representative 11/6/12 Republican 2.30 
State Representative 11/6/12 Republican .84 
State Representative 11/6/12 Republican 2.33 
State Representative 11/6/12 Republican 1.56 
State Representative 11/4/14 Republican 1.90 
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State Representative 11/8/16 Republican 1.85 
State Representative 11/8/16 Republican 1.01 
State Senator 11/4/86 Democrat .55 
State Senator 11/4/86 Democrat 2.31 
United States Representative 11/8/88 Republican .32 
United States Representative 11/3/92 Democrat 1.35 
United States Representative 11/7/00 Republican 1.61 
United States Representative 11/7/00 Republican .28 
United States Representative 11/5/02 Republican 1.66 
United States Representative 11/7/06 Republican .15 
United States Representative 3/11/14 Republican 1.90 
United States Senator 11/8/88 Republican .85 
United States Senator 11/2/04 Republican 1.11 

 

This list does not include the many other Florida elections that would likely have 

had different outcomes under name order rotation that were not in the dataset I 

examined. The table above therefore understates the impact of name order effects 

on democracy in Florida and, by implication, the nation. 

I did one additional analysis to illustrate the impact of candidate name order 

on Florida election outcomes if the actual effect of name order were larger or 

smaller than the average of 2.33 used to generate the table above. I plotted the 

cumulative number of elections in which the first-listed candidate won by a 

specified margin. The graph below shows how many election results would likely 

have been different (on the y axis) if the estimated effect of being listed first were 

greater than 2.33 percentage points (margins to the right of the dashed line) or less 

than 2.33 percentage points (margins to the left of the dashed line). In other words, 

the larger the primacy effect in a particular race (as shown on the x axis below), the 
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more race results would have flipped as the result of name order rotation. 

 

In short, although varying name order across voters in past Florida elections 

would not have reversed all election outcomes,2 variation would almost certainly 

have reversed the outcomes of a good number of past Florida elections, including 

tremendously important ones for the state and the nation. 

MY STUDY OF PRIMACY EFFECTS IN FLORIDA 

Dr. Barber and Dr. Klick offered critiques of my documentation of primacy 

                                                 
2 In footnote 8 on page 15 of his Response, the Secretary of State said that in “In re 
Election of November 6, 1990 for Office of Attorney General, 569 N.E.2d 447, 454 
(Ohio 1991), the Ohio Supreme Court noted that ‘Krosnick made a study of the 
1990 Attorney General’s race in Mahoning County and concluded that ballot 
position had no effect.’ Yet he now claims the opposite is true.” In fact, I do not 
now claim that the opposite is true. I continue to believe that in the 1990 race for 
Attorney General of Ohio, rotating name order properly in Mahoning County (only 
one of the many counties in Ohio) would not have reversed the result of the 
election statewide. And I never claimed that it would have done so. 
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effects in Florida elections. These critiques are not valid, as I explain next.  

A. Studying Primacy Effects in Florida  

Dr. Barber took issue with the fact that no studies have yet conducted 

experiments testing for primacy effects in Florida. But this does not preclude 

scientists from concluding that, based on the evidence that is available, primacy 

effects almost certainly have affected and will affect Florida election outcomes 

(and elections elsewhere) in the future. In particular, on page 9 of his report, Dr. 

Barber stated that “[t]he ideal study of ballot ordering would randomize (or have 

some algorithm that is quasi-random) the ordering of names on the ballot. … [so] 

any difference between candidates who appear first and candidates who appear 

later on the ballot can be attributed entirely to the ballot order.” Although this 

study design has been very informative regarding primacy effects in other states 

and would be informative in Florida, because of Florida’s long-standing name-

ordering law, such analysis cannot be done in Florida. 

But this should not preclude reaching science-based conclusions about 

primacy effects in Florida elections. Indeed, as explained in my first report, a 

substantial number of studies have relied on alternate methodologies, like the one 

employed in my analysis, and have consistently yielded evidence of primacy 

effects. 

A useful parallel here regards the effects of cigarette smoking on human 
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health (see, e.g., Proctor, R. N. (2012). Golden holocaust: Origins of the cigarette 

catastrophe and the case for abolition. Oakland, CA: University of California 

Press). A strong study documenting the health effects of smoking would involve 

randomly assigning humans either to smoke or not smoke and then observing the 

health outcomes of these two groups of people over time. But ethically, it has not 

been possible to do such a study, leaving scientists to reach conclusions on other 

bases.  

The accumulated body of evidence using non-experimental, so-called 

“observational data” is substantial, and it shows a reliable correlation between 

cigarette smoking and various health problems. Furthermore, studies of animals 

that involved random assignment to smoking or not smoking supported the same 

conclusions. And empirical studies led scientists to understand the physiological 

mechanisms by which smoking causes various undesirable health effects. Taken 

together, this evidence has been considered sufficient to justify outlawing smoking 

indoors in many parts of the U.S., for the sake of the public good. 

The same logic applies to Florida elections. My method of concatenating the 

results of thousands of Florida elections in which name order was not varied 

revealed a significant primacy effect of about the expected magnitude. 

Furthermore, studies from other states that involved variation of candidate name 

order across voters supported this conclusion. These two sets of empirical studies, 
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combined with past documentation of the psychological underpinnings of the 

primacy effect, demonstrate that primacy effects are rampant in elections and most 

likely have affected the outcomes of numerous high visibility races in Florida. The 

absence of experimental evidence collected in Florida does not preclude scientists 

from concluding that, based on the evidence that is available, primacy effects 

almost certainly have affected and will affect Florida election outcomes (and 

elections elsewhere) in the future.3 

B. Analogy Between Primacy Effects in Florida and Ohio  

 Next, Dr. Klick and Dr. Barber questioned the value of reaching conclusions 

about name order effects in Florida by extrapolation from evidence of such effects 

in Ohio due to two demographic differences between those states: the presence of 

Hispanic residents, and the urban/rural divide (see Tables 3, 5, and 7 of the First 

Krosnick Rep.). But further analysis reveals that these demographic differences do 

not undermine the comparison and indeed suggest even stronger name order effects 

                                                 
3 On page 11 of their Response, Defendant-Intervenors stated that in my first 
report, I said: “It is not possible to conduct an analysis of actual elections in 
Florida … because Florida has not rotated the name order on ballots.” Notice the 
three dots in the middle of this quote. Those dots hide critical words. What I 
actually said in my first report is: “It is not possible to conduct an analysis of actual 
elections in Florida, as has been done in Ohio and New Hampshire, precisely 
because Florida has not rotated name order on the ballots.” (p. 51). Defendant-
Intervenors’ omission of those critical words distorted the apparent meaning of my 
statement.  
 

Case 4:18-cv-00262-MW-CAS   Document 54   Filed 07/20/18   Page 19 of 47



20 
 

in Florida than Ohio, just as I observed empirically.  

 In the First Krosnick Report, Tables 2 through 7 were generated to assess the 

extent to which Florida voters differ from or are similar to voters in other states 

where name order effects have been documented in past research, including 

California, New Hampshire, North Dakota, and Ohio. From this comparison, I 

concluded that Ohio voters are extremely similar to Florida voters in terms of the 

demographics that I examined (see Tables 3, 5, and 7). I examined a total of 32 

demographic categories (e.g., male or 18-29 years old or married) across three 

years (2016, 2014, and 2012).4 The average discrepancy between Ohio and Florida 

in terms of these demographic attributes is 3.1 percentage points, 3.2 percentage 

points, and 3.1 percentage points in 2016, 2014, and 2012, respectively, which are 

extremely small numbers and indicate great similarity. 

 The two notable exceptions to this general similarity between Ohio and 

Florida are as follows. First, Florida voters have been more likely to be Hispanic 

than Ohio voters, by 16.1, 12.4, and 14.2 percentage points in the three years. 

Second, Florida voters have been more likely to live in metropolitan areas than 

Ohio voters, by 19.5, 19.7, and 17.7 percentage points in those three years. These 

                                                 
4 For each variable with only two possible values, such as sex (male or female), I 
eliminated one of the variables, because the discrepancy is identical to the 
discrepancy for the other variable (though with the opposite algebraic sign) and 
therefore adds no information. 

Case 4:18-cv-00262-MW-CAS   Document 54   Filed 07/20/18   Page 20 of 47



21 
 

discrepancies would only be problematic in the context of the current case if the 

name order effect is stronger among non-Hispanics than among Hispanics and 

weaker among people living in metropolitan areas than among people living 

elsewhere.  

 To determine whether this is true, I conducted statistical analyses of election 

returns in Florida. Specifically, I estimated the parameters of the regression 

equations that begin on pages 214 and 219 of the First Krosnick Report, separately 

for counties differing in the prevalence of Hispanics and of metropolitan residents 

living in them.5 And to proxy metropolitan area residence, I examined two 

variables: the number of people living in the county and the population density (the 

population size divided by the land area of the county).6 With those variables, I 

divided the counties into (1) those with low, moderate, and high proportions of 

Hispanic residents, (2) those with small, moderate, and large populations, and (3) 

those with low, moderate, and high population density.  

                                                 
5 I obtained the percent of Hispanic residents of each county from this source: 
U.S. Census Bureau’s population estimates compiled by Pew in Hispanic 
Population Growth and Dispersion Across U.S. Counties, 1980-2014 
(http://www.pewhispanic.org/files/2016/09/all-counties_14.xlsx). 
 
6 Population counts were obtained from Census U.S. Intercensal County Population 
Data, 1970-2014 (http://www.nber.org/data/census-intercensal-county-
population.html); Annual Estimates of the Resident Population for Counties, 2010-
2017 (https://www.census.gov/data/datasets/2017/demo/popest/counties-
total.html). The sizes of the land area of the counties were obtained from Census 
USA Counties Data File. 
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 The name order effect in Florida did, in fact, vary with county population 

size. For Republican candidates, the name order effect was 1.94 percentage points 

(p<.01) in large population counties, 2.88 percentage points (p<.01) in moderate 

population counties, and 4.13 percentage points (p<.01) in low population 

counties. The analogous estimates for Democratic candidates were 1.74 (p<.02), 

2.20 (p<.01), and 2.40 (p<.02). Thus, the name order effect was statistically 

significant and positive (as expected) in all three groups of counties, for both 

Republican and Democratic candidates. Thus, the name order effect was 

statistically significant and positive (as expected) in all three groups of counties.  

 Analogous results were observed for population density. For Republican 

candidates, the name order effect was 2.07 percentage points (p<.01) among 

counties with the highest population density, 2.54 percentage points (p<.01) among 

counties with moderate population density, and 4.43 percentage points (p<.01) 

among counties with low population density. The analogous estimates for 

Democratic candidates were 1.89 (p<.01), 1.95 (p<.02), and 2.59 (p<.01). Thus, 

the name order effect was statistically significant and positive (as expected) in all 

three groups of counties.  

The strength of the primacy effect also varied according to Hispanic 

population size, but in what scientists call a curvilinear way. For Republican 

candidates, the effect was strongest among the most Hispanic counties (3.33 
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percentage points, p<01), followed by the least Hispanic counties (2.88 percentage 

points, p<.01), and finally the moderately Hispanic counties (1.89 percentage 

points, p<.01). The analogous effects for Democratic candidates were 2.88 

percentage points (p<.01) among the most Hispanic counties, 1.55 percentage 

points (p<.09) among the least Hispanic counties, and 1.34 percentage points 

(p<.10) among the moderately Hispanic counties. Because the name order was 

strongest in the most Hispanic counties, this refutes the claim that the name order 

effect weakens among Hispanics and would, therefore, be expected to be weaker in 

Florida than in Ohio. 

 Furthermore, Dr. Barber asserted that because voting behavior varies 

according to age and income, differences between Ohio and Florida “make it 

difficult to extrapolate estimated ballot ordering effects” from Ohio to Florida. But 

that is not true. The evidence Dr. Barber was referring to is not evidence that the 

size of name order effects is governed by age or income. In fact, I know of no 

theory to suggest that such moderation should occur, and I know of no empirical 

tests demonstrating such moderation. And Dr. Barber cited no such evidence. Most 

importantly, the differences between Ohio and Florida in terms of age and income 

are so small as to preclude any complications in generalizing from one state to the 

other (see Tables 3, 5, and 7 in my first report). 

C. Use of Congressional Elections in Ohio as a Predictor for Florida 
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Dr. Barber’s Report (at page 10), as well as Dr. Klick’s, questioned the 

inclusion of one variable among the predictors in regressions predicting voting in 

Florida: the votes received by candidates in the most recent prior Ohio elections for 

seats in the U.S. House of Representatives.7 This variable was included to allow 

for the possibility that from election to election, the success of candidates in 

Florida elections may be partly a function of general trends in the popularity of the 

Republican Party and of the Democratic Party nationally. Because Floridians read 

newspapers and websites, watch television programs, and listen to radio programs 

that are read, watched, and heard by others across the country, there is a 

                                                 
7 There were typographical errors in paragraphs 21 and 26 on pages 212 and 213 of 
my first report. Paragraph 21 should have read: “Voting records were obtained for 
biennial Ohio elections for members of the U.S. House of Representatives between 
Nov 7, 1978, and Nov 8, 2016. The total number of votes cast for all Republican 
candidates in each election, the total number of votes cast for all Democratic 
candidates in each election, and the total number of votes cast for all Republican 
and Democratic candidates in each House election dating back to 1978 were 
compiled. The official election records maintained by the House of 
Representatives, saved in PDF format, were located at 
http://history.house.gov/Institution/Election-Statistics/Election-Statistics/. 
Paragraph 26 should have said: Information from a file called “OHIO US House 
Results for Potential Control.xls” was merged to include the following information 
about each election from 1978 to the present:  

• Total number of votes cast for all Democratic candidates who ran for the 
U.S. House of Representatives to represent Ohio.  

• Total number of votes cast for all Republican candidates who ran for the 
U.S. House of Representatives to represent Ohio.  

• Total number of votes cast for all candidates who ran for the U.S. House of 
Representatives to represent Ohio.  

 

Case 4:18-cv-00262-MW-CAS   Document 54   Filed 07/20/18   Page 24 of 47



25 
 

commonality to information flows. And people across the country have manifested 

similar trends in party popularity in reaction to major national events, such as the 

September 11 attacks and the financial crisis of 2008. Therefore, it is useful to 

allow for the possibility that Florida voters might manifest some ups and downs in 

their inclinations to vote for Republicans or Democrats in all elections due to such 

factors.8 

In order to permit this possibility to emerge in the regressions that I 

conducted, I sought to include among the predictors a measure of the popularity of 

the parties over time that is unconfounded with candidate name order. That goal 

restricted my choices of data sources to election outcomes in the states that have 

rotated name order during the time period of elections that I studied in Florida. 

And because my analyses of voter demographics suggested a strong similarity of 

Florida voters to Ohio votes, as discussed above, I chose to use the results of Ohio 

elections run frequently with large number of participating voters.  

Including this variable among the predictors in the regressions I reported did 

not guarantee that a statistically significant effect of Ohio voting patterns on 

Florida voting patterns would be observed. Rather, including Ohio voting patterns 

among the predictors allowed me to objectively test whether Florida voting 

                                                 
8 Defendant-Intervenors were incorrect in stating on page 17 of their Response that 
I used “mid-term elections for Ohio’s state house of representatives as predictors.”  
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patterns resemble Ohio voting patterns in terms of trends over time in party 

popularity, unconfounded with candidate name order. And indeed, in the 

regressions reported on pages 214 to 221 of the First Krosnick Report, Ohio voting 

behavior did predict voting patterns in Florida. In both regressions, the coefficient 

was positive and statistically significant, which is consistent with the hypothesis 

that led me to include this variable among the predictors. 

Therefore, inclusion of this predictor in the regressions has two valuable 

consequences for my investigation. First, its inclusion enhances confidence that the 

apparent effect of name order in Florida elections (as documented by those 

regressions) is not a coincidental and illusory reflection of national trends in party 

popularity. And second, the positive and statistically significant coefficients show 

that indeed, as I have argued, there is a similarity of voting behavior in Florida and 

Ohio that justifies making inferences about candidate name order effects in Florida 

based on evidence of candidate name order effects in Ohio. Dr. Barber 

acknowledged exactly this on page 11 of his Report, noting that the result obtained 

with this variable to be sensible and expected. In other words, this evidence 

bolsters the evidence in Tables 3, 5, and 7 of the First Krosnick Report about the 

similarity of voters in the two states. 

Further reinforcing this conclusion is the following simple illustration of 

profound similarity between voters in Ohio and Florida, thereby justifying the 
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analyses I conducted and the conclusions I drew. The table below shows the 

percentages of votes won by Republicans in each Florida and Ohio presidential 

election dating back to 1976. These numbers show stunning similarity in trends 

over time across the two states. The correlation between the numbers in the two 

columns is .93, nearly perfect. Thus, as Republican candidates’ success rose or fell 

in Ohio over time, essentially the exact same increases and decreases were 

observed in Florida.  

Vote Share for Republican Presidential Candidates in Florida and Ohio 
1976 - 2016 

 

Republican 
Vote Share 

Florida 

Republican 
Vote Share 

Ohio 
1976 46.6% 48.7% 
1980 55.5% 51.5% 
1984 65.3% 58.9% 
1988 60.9% 55.0% 
1992 40.9% 38.4% 
1996 42.3% 41.0% 
2000 48.9% 50.0% 
2004 52.1% 50.8% 
2008 48.2% 46.9% 
2012 49.1% 47.7% 
2016 49.0% 51.7% 

 

 Dr. Klick, in the analysis set forth in his Report, made the decision to drop 

the valuable predictor of Ohio election results from the regressions, which cannot 

be defended, nor did he defend it on substantive grounds. He claimed that 

removing this predictor from the regression “drastically changes” the estimated 
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ballot order effect for the Republican candidates (Klick Rep. at 7), but this is 

incorrect. Dropping the predictor caused the estimate for Republicans to drop from 

2.70 percentage points to 2.05 percentage points, a difference of only .65 

percentage points. And the 2.05 percentage points is statistically significant 

(p<.01). This is not what one can legitimately call a “drastic” change, because Dr. 

Klick’s less legitimate equation specification supports the same substantive 

conclusion about the presence of primacy effects that is yielded by my more 

complete equation. Removing the Ohio predictor from the regression for 

Democratic candidates caused the estimated name order effect to drop from 1.96 to 

.56, the p-value of which is less than .25, according to Dr. Klick. But because his 

specification of the equation removed a valuable predictor that improves the 

accuracy of the name order effect, his result is less informative.  

D. Using Party Registration Among the Predictors of the Regression  

 Dr. Klick (Klick Rep. at 7) acknowledged that including party registration 

among the predictors of the regressions is “well motivated” (Klick Rep. at 7), and 

Dr. Barber concurred, saying that “one would expect a researcher to include these 

variables as they are very likely to be related to candidates’ performance” (Barber 

Rep. at 10). Yet Dr. Klick expresses uncertainty about why I chose to include 

registration with both the Democratic Party and the Republican Party as predictors. 

In particular, he speculated: “the vast majority of Florida voters will be registered 

Case 4:18-cv-00262-MW-CAS   Document 54   Filed 07/20/18   Page 28 of 47



29 
 

with one of those two parties and, so, one might make the argument that 

controlling for only one of the two is sufficient.” (Klick Rep. at 7).  

However, Dr. Klick was incorrect in his speculation. In fact, many voters in 

Florida have not been registered with either the Democratic Party or the 

Republican Party. To measure the size of this residual group, I examined 

registration data from every Florida county for every November election between 

1994 and 2016.9 The figure below is a histogram, with the x axis being the percent 

of registrants in a county who were not registered as either Democrat or 

Republican, and the y axis being the percent of counties at each value on the x 

axis. The mean is 14.6%, the median is 14.5%, and the standard deviation is 7.6. 

Clearly, there were a considerable number of people registered but not as 

Democrats or Republicans. 

 
 

                                                 
9 These data were provided to counsel prior to Dr. Klick’s submission of his report 
in this case.  
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Furthermore, Dr. Klick’s statement that “one might make the argument that 

controlling for only one of the two is sufficient” is refuted by the fact that both 

variables are statistically significant predictors in expected directions in both of the 

regressions I conducted. The more people in a county were registered as 

Republicans, and the fewer people were registered as Democrats, the more votes a 

Republican candidate received in the county. And the more people in a county 

were registered as Democrats, and the fewer people were registered as 

Republicans, the more votes a Democratic candidate received in the county. These 

findings are just as they should be and attest to the wisdom of including both 

variables as predictors. Therefore, Dr. Klick’s demonstrations of what happens 

when he removes one of them (on page 7 of his Report) are simply demonstrations 

0
2

4
6

Pe
rc

en
t

0 5 10 15 20 25 30 35
Percent in County
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of what happens when a researcher estimates effects sub-optimally. Rather than 

“raising “significant concerns” about my parameter estimates, his fiddling with the 

model specification documents the wisdom of controlling for all plausible 

confounds, as Dr. Barber said should be done. 
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E. Accounting for the Popularity of the Governor  

Dr. Klick next speculated that the regression analysis estimating the two 

name order effect sizes in Florida may have been missing an important predictor 

that would measure increases in the popularity of the Florida governor (and by 

extension, his party) after his election, which might enhance the success of 

candidates from his party in elections subsequent to the date on which he took 

office. But Dr. Klick cited no evidence that such a surge in gubernatorial 

popularity ever occurred in Florida, or that it spilled over to affect voting.  

To explore the plausibility of this speculation, I examined approval ratings 

of Governor Rick Scott since he took office in 2011, as measured by the 

Quinnipiac University Poll, which has been conducted using best practices for 

random digit dial surveys with human interviewers.10 In response to the question, 

“Do you approve or disapprove of the way Rick Scott is handling his job as 

governor?”, the proportions of respondents who said they approved, disapproved, 

and didn’t know between his taking office in 2011 and February, 2018, are shown 

in the following table:  

  

                                                 
10 https://poll.qu.edu/images/polling/fl/fl02272018_trends_ftbn93.pdf/ 

Case 4:18-cv-00262-MW-CAS   Document 54   Filed 07/20/18   Page 32 of 47



33 
 

Approval of Florida Governor Rick Scott 
 
 
 
 
 
 
 
 
 
  

 

 

 

 

 

 

 

 

 

 

 

 

As is apparent from these numbers, Mr. Scott did not experience a 

“honeymoon period” of high approval following his election (when his approval 

ratings were between 29% and 37%), and he did not experience a surge in approval 

Date Approve Disapprove 
Don't Know/Not 

Ascertained 
February 27, 2018 49 40 10 
July 14, 2016 43 44 13 
June 22, 2016 43 46 11 
May 11, 2016 40 49 11 
October 8, 2015 41 47 12 
August 25, 2015 45 44 10 
June 22, 2015 39 49 12 
April 6, 2015 42 49 9 
February 10, 2015 42 47 11 
July 23, 2014 43 48 9 
April 30, 2014 42 50 7 
January 30, 2014 41 49 10 
November 21, 2013 42 47 12 
June 18, 2013 43 44 13 
March 20, 2013 36 49 15 
December 19, 2012 36 45 19 
June 27, 2012 35 48 17 
June 20, 2012 39 49 13 
May 24, 2012 41 46 13 
March 28, 2012 36 52 13 
January 26, 2012 36 49 15 
January 10, 2012 38 50 13 
December 8, 2011 33 52 15 
November 10, 2011 36 50 14 
September 21, 2011 37 50 13 
August 5, 2011 35 52 14 
May 25, 2011 29 57 14 
April 6, 2011 35 48 17 
February 2, 2011 35 22 43 
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over the course of his tenure to date. For example, at the time of the next major 

elections after his inauguration in 2012, his approval rating was essentially the 

same (36%) as it had been just after he took office in 2011 (35%). By the time of 

the next major elections in 2014, his approval rating had risen a mere 7 percentage 

points, to 43%. Thus, at least for Mr. Scott, there has been no sign of the “growing 

ideological wave of support” about which Dr. Klick speculated. And because Dr. 

Klick did not cite any evidence to support his speculation that such a wave ever 

occurred in Florida in the past, his concern about this possibility undermining the 

informativeness of my analysis is empirically unfounded and nothing more than a 

guess. 

F. Statistical Significance 

 Dr. Barber criticized my first report by noting that I did not describe how 

many of the observed effects of name order were statistically significant in Table 

8, but his statement ignores the fact that I did describe such information in the text 

of my report in this case on pages 15 to 16. The study described there concluded 

that, in races with two candidates, the name order effect was significant for 48% of 

them, and 95% of those effects were in the direction of primacy. Among the 

remaining 52% of the two-candidate races, the observed differences were in the 

direction of primacy for 78% of them, which is statistically significantly different 

from the 50% that would be expected by chance alone if no name order effects 
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were present in these races. Furthermore, in the races involving more than two 

candidates, statistically significant primacy effects appeared in 80% of those races, 

and 81% of the candidates in those races with non-significant order effects also 

manifested trends toward primacy. Thus, the presence of primacy effects in those 

Ohio elections was overwhelming.  

G. Differences in the Coefficient 

On page 5 of his Report, Dr. Klick noted that my analysis of Florida election 

results yielded estimates of an average primacy effect of 2.70 percentage points for 

Republican candidates and 1.96 for democratic candidates and commented that 

“this difference in these coefficient is not statistically significant.” Notably, Dr. 

Klick did not suggest (nor could he) that either the 2.7 figure or the 1.96 figure is 

not statistically significant. Rather, he noted only that the difference between the 

two is not statistically significant. This is of no moment. There is no theoretical 

reason why the primacy effect should be greater for candidates from one major 

party than for candidates from the other major party, and the 2.70 is indeed not 

statistically significantly different from the 1.96, just as expected. Therefore, there 

is nothing amiss here. 

H. Regressions 

 Dr. Barber took issue with the regressions that I conducted to gauge the 

presence of name order effects in Florida. He began by noting that the units of 
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observation for the regression are counties. And he noted that conducting the 

analysis as we did gave all counties equal weight, despite the fact that there were 

more voters in some counties than in others. But Dr. Barber was incorrect in his 

assertion that this caused sparsely-populated counties to be given “significantly 

more weight” and that the highly populated counties were “underweighted.” Dr. 

Barber’s language implies that the equal-weighted approach that we took is 

somehow inaccurate, but it is not. We treated counties as units of observation, and 

there is no reason that more populated counties must be given more weight.  

Nonetheless, I implemented the weighting method Dr. Barber seems to 

prefer using annual population data for each county in Florida from Census U.S. 

Intercensal County Population Data, 1970-2014 (http://www.nber.org/data/census-

intercensal-county-population.html) and Annual Estimates of the Resident 

Population for Counties, 2010-2017 

(https://www.census.gov/data/datasets/2017/demo/popest/counties-total.html).11  

When weighting each county by its population size, the estimated primacy 

effect was 2.89 for Republican candidates (p<.01), which is larger than the 

unweighted estimate of 2.70 (p<.01). And when weighting in this way, the 

estimated primacy effect for Democratic candidates was 2.61 (p<.01), which is 

also larger than the unweighted estimate of 1.96 (p<.01). Thus, weighting by 
                                                 
11 Missing annual values were imputed by county using the Stata command ipolate. 
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population size did not alter the implications of the parameter estimates and in fact 

strengthened the apparent effects of name order. Therefore, the concern expressed 

by Dr. Barber on page 8 of his report is unfounded. 

Dr. Barber (Rep. at 8) outlined a second concern about my treating counties 

as units of analysis: that some elections were “double counted”. Dr. Barber 

described this as if it were a flaw, but it was not. In each election, each voter is an 

autonomous actor who casts ballots as he or she wishes, and each voter can decide 

how to vote in each race on a ballot independently of how the voter decides how to 

vote in other races. The analysis I conducted is built by aggregating these 

behaviors into statistics for counties. Each voter is presumed to live and vote in 

only one county, so the “actors” (to use social science terminology) whose 

behavior yielded the raw data I analyzed are not double-counted. And each county 

in which a race was run contributed a data point to my analysis.  

Dr. Barber asserted that this amounted to overweighting districts and 

elections that overlap multiple counties. But it is only overweighting relative to an 

alternative way of conducting the analysis, not relative to an obviously superior 

method. In the analysis that I conducted, the fact that some races yielded more data 

points for the analysis because they were run in more counties does not necessarily 

introduce bias into the analysis, and Dr. Barber offered no evidence to suggest that 

such bias was introduced, which would only happen if races run in more counties 
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manifest weaker name order effects. 

Nonetheless, I performed a regression analysis to address this issue by 

combining together all instances in which a county contributed two or more data 

points to the analysis, so each county contributed a single result for each race. The 

result was a primacy effect of 2.12 percentage points for both parties, on average 

(p<.06). Because this approach the statistical power of the analysis, the increase in 

p-value is not surprising and should not be taken as evidence that the effect 

disappeared. Nonetheless, this analysis, with its reduced power, is not optimal and 

should not be treated as preeminently diagnostic for the reasons outlined above. 

Thus, Dr. Barber’s critique is without merit.  

Dr. Barber asserted on page 6 of his report that the analytic approach I took 

to construct the regression predicting votes is “unorthodox,” and then on page 9 he 

described an approach that he said is “more conventional”: to treat the “election as 

the unit of observation.” This assertion is incorrect. In the peer-reviewed political 

science literature on voting, a wide variety of methods have been used to study the 

causes of vote choice, and the unit of analysis has varied considerably across 

investigations. Therefore, there is not a “conventional” approach and a series of 

“unorthodox” approaches. 

In all of these studies, scholars have examined the causes of the behaviors of 

individual voters either by treating each person as a unit of observation or by 
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treating groups of people as observations. I did the latter. And assuming that each 

voter voted only once in one county in each election, the approach I took to 

observe county aggregates is consistent with the basic tenets of regression, the 

analytic technique that I used.12 Thus, the approach I employed to studying voting 

in Florida elections is consistent with those used in past academic studies.  

I. Clustering Standard Errors  

Dr. Klick said that I should have clustered standard errors used in the 

regressions described in the First Krosnick Report. And he explored the possibility 

of clustering standard errors by either year or election cycle. But a careful look at 

Dr. Klick’s language reveals something fundamental and important about 

clustering: 

[A]ll of the elections analyzed in 2012 operated under the same rule 
because it was based on the 2010 governor election. In a sense, there 
is a lack of statistical independence among the observations analyzed 
during the 2012 elections, and that dependence needs to be accounted 
for. In fact, since the rule is reset only every four years, one might 
argue that there is a lack of independence among all of the 

                                                 
12 A few examples of peer reviewed papers published in scholarly journals that 
analyzed voting behavior by aggregating voters in counties are these: (1) Samuel 
C. Patterson and Gregory A. Caldeira. (1985). Mailing in the Vote: Correlates and 
Consequences of Absentee Voting. American Journal of Political Science, 29, 766-
788; (2) Bullock, C. S., & Hood, M. V. (2003). One person – no vote; one vote; 
two votes: Voting methods, ballot types, and undervote frequency in the 2000 
Presidential election. Social Science Quarterly, 83, 981-993; (3) Giacopassi, D. G., 
& Nichols, M. W. Voting for a lottery. Public Finance Review, 34, 80-100; (4) 
Nichols, S. M. (1998). State referendum voting, ballot roll-off, and the effect of 
new electoral technology. State and Local Government Review, 30, 106-117.  
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observations between the 2010 election and the subsequent election in 
2014. (Klick Rep. at 8 (emphasis added)).  
 

The, phrases I emphasize here reveal the fact that experts on statistical analysis do 

not have widespread agreement about how, when, and why clustering of standard 

errors should be done in analyses like the ones that I did. Dr. Klick acknowledged 

this uncertainty with the emphasized phrases, but then slipped into much more 

assertive language by saying “that dependence needs to be accounted for.” In fact, 

there are many, many more potential sources of non-independence among the data 

points that I examined, and in general, there is not agreement among experts about 

how to select which variables to use in clustering (for description of the raging 

disagreements alive at the moment among statisticians, see a paper cited by Dr. 

Klick: A. Abadie, S. Athey, G. W. Imbens, and J. Wooldridge. (2017). “When 

Should You Adjust Standard Errors for Clustering?” NBER Working Papers 

24003, National Bureau of Economic Research, Inc.). 

 With regard to the regressions I conducted, clustering as Dr. Klick 

recommended has two effects, one potentially desired and one definitely 

undesirable from the standpoint of valid scientific inference. The potentially 

desirable effect is taking into account covariation among observations that may 

cause significance tests to be overly likely to yield small p-values. The undesirable 

effect is that it reduces the statistical power of the analysis, akin to putting a 

smudge on the lens of a telescope when trying to observe a distant planet. 
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Reducing power can cause a regression to yield false negatives, meaning that 

variables that are truly predictors are not found to be. 

 In the alternative versions of the regressions that Dr. Klick described on 

page 8 of his Report, this problem with causing false negatives is nicely illustrated. 

As Dr. Barber, Dr. Klick, and I agree, it is highly desirable to include the percent 

of votes received by one of the gubernatorial candidates in the immediately prior 

gubernatorial election. When predicting the vote share received by Republican 

candidates, I included among the predictors the percent of votes received by the 

Republican candidate in the prior gubernatorial election. And when predicting the 

vote share received by Democratic candidates, I included among the predictors the 

percent of votes received by the Democratic candidate in the prior gubernatorial 

election. Therefore, I expected the coefficients of these predictors to be positive in 

all regressions.  

In fact, those coefficients were all positive and statistically significant, 

meaning that Democratic candidates did better when following an election in 

which the candidate from their party running for governor did better, and 

Republican candidates did better when following an election in which the 

candidate from their party running for governor did better. These coefficients are 
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shown on in the first and fourth columns in the third row of Dr. Klick’s Table 3.13 

 In the regressions that Dr. Klick said he clustered the standard errors either 

by year or by cycle (shown in the second, third, fifth, and sixth columns of his 

Table 3), the coefficient estimate for this predictor always remained the same as in 

the unclustered analysis (e.g., compare, for example, the first three columns of 

numbers in the third row in Dr. Klick’s Table 3: 0.33 in every case). What changes 

are the standard errors, shown as “SE=” in each cell of his Table 3.  

The standard errors for these coefficients in the regressions I conducted are 

0.03, as shown on the third row of Dr. Klick’s Table 3. But in the regressions he 

estimated, those standard errors increased to 0.18, 0.22, and 0.23 (again, see the 

third row of Dr. Klick’s Table 3). As a result, his regressions with clustered 

standard errors estimated exactly the same effect size of this predictor on election 

outcomes, but the increasing standard errors caused the p-values for this effect to 

increase above the .05 threshold. Therefore, one might conclude that these 

expected effects were not observed in this analysis.  

But that would be a false negative conclusion, because the non-significance 

is the result of a damaging reduction in the statistical power of the analyses being 
                                                 
13 Dr. Klick accidentally failed to include some of the words in the label of that row 
that appear in my tables on pages 214-221 of my report. The row label should be 
“Percent of vote received by the Republican gubernatorial candidate in the last 
Florida gubernatorial election,” but Dr. Klick omitted the first six words, which 
makes the row label uninterpretable. 
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reported. In essence, rather than analyzing the 9,554 data points that we used, the 

analysis is conducted as if there are considerably fewer observations, thus 

increasing the researcher’s uncertainty about the accuracy of the result without 

actually changing the result itself. And as row three of Table 3 illustrates, the two 

types of clustering that Dr. Klick conducted caused false negatives.14  

The same thing occurred on the first row of his Table 3. The effect of name 

order remained constant regardless of whether clustering was done or not (2.70 for 

the Republican candidates and 1.96 for the Democratic candidates), but clustering 

in the two different ways that Dr. Klick proposed caused the significant name order 

effect in my regressions to become non-significant in his. In light of the many, 

many examples of statistically significant primacy effects documented in other 

studies (and reviewed in my first report) and strong theory justifying the 

expectation of seeing such an effect, and the match of the name order effect 

estimated in Florida to the name order effects observed elsewhere, a Bayesian 

analysis would lead a scientist to conclude that it is extremely likely that primacy 

                                                 
14 Note also that the conclusions one would reach differ depending upon which of 
the two clustering approaches Dr. Klick used – the effect of prior gubernatorial 
candidate performance would be deemed “marginally significant” (because the p-
value is .05 or greater and less than .10) when clustering by year and “non-
significant” when clustering by cycle (because the p-value is greater than .10). Dr. 
Klick did not argue that one of these clustering methods is better than the other, but 
they yield different results. This is one of the important reasons why clustering 
involves arbitrary decisions and is controversial.  
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effects occurred in Florida elections. Thus, the results on the first row of Dr. 

Klick’s Table 3 are most likely false negatives. 

J. Use of CPS Data 

Finally, Dr. Klick criticized the First Krosnick Report’s use of the Current 

Population Survey (CPS) data (collected by the U.S. Census Bureau). First, he said 

that survey respondents “tend to overstate the degree to which they vote.” To 

support that statement, Dr. Klick cited just one paper, which was authored by me 

(Holbrook, A. L., & Krosnick, J. A. 2010, Social desirability bias in voter turnout 

reports: Tests using the item count technique. Public Opinion Quarterly, 74, 37-

67). But Dr. Klick mischaracterized the findings that we reported in that paper. 

Across nine tests, we found evidence suggesting that voters over-reported turnout 

in only one. Furthermore, Dr. Klick did not cite more recent work challenging the 

notion of over-reporting (e.g., Berent, M. K., Krosnick, J. A., & Lupia, A. (2016), 

Measuring voter registration and turnout in surveys: Do official government 

records yield more accurate assessments? Public Opinion Quarterly, 80, 597-621).  

Rather, recent evidence suggests that high quality surveys tend to over-

estimate voter turnout not because of respondent lying but rather because people 

who vote regularly also tend to participate in surveys more than do habitual non-

voters. If that is the correct explanation for exaggerated rates of turnout in surveys, 

then the CPS turnout data are well-suited for the investigation I implemented, 
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because I had no need for accurate data from people who did not vote. That is, my 

focus on CPS respondents who said they voted is likely to yield accurate 

characterizations of the nation’s voters, even though the CPS dataset under-

represented non-voters. 

It is useful to note that although Dr. Klick criticized CPS data as being 

unreliable, Dr. Barber relied upon CPS data in reaching conclusions in his Report. 

Specifically, on pages 3 and 4 of his report, Dr. Barber uses data from the CPS 

(Tables 2-7 of Krosnick’s report) to suggest that Florida is demographically 

different from Ohio, New Hampshire, North Dakota, and California. But on page 4 

of his report, Dr. Klick claims that one cannot rely on the CPS because there are 

“substantial problems with the CPS voter data.” Both of these experts cannot be 

right on this point. 

K. Reanalysis of Florida Regressions with Corrected Data 

After I submitted my first report in this case, I learned that the Florida 

Secretary of State’s website, from which I downloaded the vote totals used in my 

regression analyses, did not include some votes in its totals for some years. 

Specifically, when I downloaded text files allegedly containing all election results 

from all counties from these two websites: 

• https://results.elections.myflorida.com/ 
 

• https://results.elections.myflorida.com/Specials.asp 
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it appears that for some years during the period 1980 to 2000 and for some general 

election races (U.S. President, U.S. Senate and U.S. House of Representatives), 

votes that were cast via Federal Absentee Ballots were not included in the vote 

totals.  

To remedy this, I manually inspected data on all elections of these three 

types during all years. I did this on the Secretary of State’s website by selecting 

each race from the dropdown menu on the upper left-hand corner of 

results.elections.myflorida.com. This produced a visible table of results. In that 

table, if Federal Absentee Ballots were cast, there were four lines: Sub Total, Fed 

Abs, Total, and % Votes. The “Fed Abs” row included a hyperlink. When this 

hyperlink was clicked, a county-by county-breakdown of all Federal Absentee 

Ballots cast in that race was displayed. I pasted this table into an Excel spreadsheet 

and then used statistical software called Stata to concatenate files containing all 

Federal Absentee Ballot counts that were not previously included in the vote totals 

I analyzed. Then, again using Stata, I merged these totals into the original dataset 

and re-analyzed the data in the same way I did in the first report.  

No changes to my substantive results were observed at all. This is to be 

expected, because Federal Absentee Ballots constituted a very small proportion of 

the total vote counts. For example, in the 1992 presidential election, 2,071,662 

votes were cast for Bill Clinton in the original database I downloaded and 
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compiled based on results from https://results.elections.myflorida.com/. An 

additional 1,047 Federal Absentee Ballots cast for Bill Clinton were recorded on 

the website but not included in the totals provided in the downloadable files. This 

is just five-one hundredths of a percent (one-twentieth of one percent) of all votes 

cast for Mr. Clinton in that election. In conducting all of the statistical analyses 

described in this report, I used the updated Florida data.  

CONCLUSION 

In sum, nothing in the expert reports provided by the Secretary of State or 

Defendant-Intervenors, and nothing in the legal arguments of those parties, 

undermines the conclusions articulated in my first expert report. The weight of 

authority, including the specific analyses I conducted on Florida elections for 

purposes of this case, demonstrates a consistent and statistically significant 

primacy effect in Florida elections.  

 

I provide this declaration under penalty of perjury at Redwood City, California on 

this the 20th  day of July, 2018. 

 
 

 
 

_______________________________ 
Jon A. Krosnick 
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