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1 My question was is there a scenario in

2 which an existing bottleneck at the check-in

3 station could decrease the total amount of wait

4 time to be less than .4 minutes and a

5 probability of wait time below 25 percent?

6 I'm talking about the total wait time

7 at the location?

8 A. Yeah.

9 MR. DISHER:  Objection.  Compound.

10 Objection.  Incomplete hypothetical.

11 THE WITNESS:  Yeah, I'm not sure.

12 BY MR. OSHER:

13 Q. Can you think of any situation in which

14 that would result?

15 MR. DISHER:  Objection.  Vague.

16 Objection.  Incomplete hypothetical.  Objection.

17 Compound.  Objection.  Asked and answered.

18 Go ahead.

19 THE WITNESS:  Well, I think it's a

20 similar answer to that I gave before is that --

21 you know, if this first stage is taking out the

22 variability of arrivals seen at the second
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1 causal inferences without conducting a randomized

2 control trial?

3 A    Sure.  Again, there's no

4 one-size-fits-all.  The most common techniques for

5 observational studies are instrument --

6 instrumental variables approaches or regression

7 discontinuity approaches.

8 But there are other ways of -- there are

9 other options as well.

10 Q    And is it possible to have a randomized

11 control study of straight ticket -- the

12 elimination of straight ticket voting, in your

13 view?

14 MR. DISHER:  Objection; vague.

15 THE WITNESS:  In an actual election for

16 a U.S. office or for state office?  Unlikely.

17 BY MR. SPIVA:

18 Q    And why is that?

19 A    I doubt you would -- you could convince

20 legislators to make such a randomized trial,

21 although I've been surprised, and not so much in

22 the U.S., but in other countries, some
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1 straight-ticket voting might not increase voting

2 time at all?

3 MR. DISHER:  Objection.  Vague.

4 Objection.  Lack of foundation.

5 THE WITNESS:  Yeah, I really don't know

6 how the elimination of straight-ticket voting

7 will impact the time to vote, and I'm not aware

8 of, you know, any careful studies that have been

9 done on this.  I think we can all speculate

10 about what the impact might be.

11 BY MR. OSHER:

12 Q. Is it your opinion that it is an

13 unreasonable assumption that eliminating

14 straight-ticket voting will increase average

15 voting time?

16 MR. DISHER:  Objection.  Vague.

17 THE WITNESS:  Yeah, I think it depends

18 upon how you make that argument.  And in

19 particular, as I say in my declaration, I think

20 the way that Dr. Yang, you know, developed his

21 argument for what he thought the increase would

22 be, I thought that was quite unreasonable.

Case 5:20-cv-00035   Document 62-5   Filed on 06/19/20 in TXSD   Page 12 of 40



6/11/2020 Sylvia Bruni, et. al., v. Ruth Hughs Jonathan N. Katz, Ph.D.

www.DigitalEvidenceGroup.com Ditigal Evidence Group C'rt 2020 202-232-0646

Page 147

1 calls exchangeable.  Secondly, even if we thought

2 they were exchangeable, in the analysis that he

3 does, he doesn't get -- he doesn't get a good

4 match between the two cases.

5 Q    And Dr. Roberts uses a method called

6 coarsened exchange -- I'm sorry, coarsened exact

7 matching; is that right?

8 A    That's correct.

9 Q    And you -- would you agree that that is

10 a valid methodology for comparing states?

11 MR. DISHER:  Objection; vague.

12 THE WITNESS:  In general, coarsened

13 exact matching is a valid statistical tool.

14 Whether or not it's appropriate or done properly

15 is always a function about what the analysis at

16 hand is.

17 BY MR. SPIVA:

18 Q    And -- I'm trying to find the exact

19 quote, so give me a minute.  But I think you

20 mentioned that there are demographic factors that

21 you believe that Dr. Roberts should have taken

22 into account or considered further in doing the
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1 BY MR. OSHER:

2 Q. So the five seconds figure is based on

3 the assumption that former straight-ticket

4 voters are going to execute the vote as quickly

5 as they can; is that right?

6 A. Yeah.  It's a very conservative

7 assumption about that, but, you know, I suspect

8 that for many ballots you do it much more

9 quickly.

10 Q. Going back to the calculations you

11 provide in your declaration, it's true that you

12 do not provide any additional analysis as to

13 what would occur if the additional voting time

14 caused by the elimination of straight-ticket

15 voting was more than five seconds; isn't that

16 right?

17 MR. DISHER:  Objection.  Vague.

18 THE WITNESS:  Again, the only analysis

19 I put in the report, you know, uses the five

20 seconds.

21 BY MR. OSHER:

22 Q. Okay.  Did you perform any analysis to
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1 see what the increase in wait time would be if

2 the additional voting time was more than five

3 seconds per vote?

4 A. You know, I can't say I absolutely

5 recall.  I mean, I -- you know, I have a model.

6 I play with it a lot, but it's -- so I'm sure I

7 probably ran some cases that, you know, had

8 less, had more times, but -- yeah.

9 Q. Okay.  What were the scenarios that you

10 ran that were more than five seconds?

11 MR. DISHER:  Objection.  Outside the

12 scope.

13 THE WITNESS:  Yeah, nothing specific

14 comes to mind.

15 BY MR. OSHER:

16 Q. All right.  Let's take a look at the

17 tables.

18 In Table 1 you show the result of the

19 calculations for predicted wait times under the

20 descriptive model; isn't that right?

21 A. Well, table 1 I show three cases, yes,

22 for Travis County, one of which is what we would
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1 minutes -- six and two-thirds minutes.

2 And then the third case is, let's say,

3 the case with the descriptive model where the

4 assumption is that the straight-ticket voter now

5 takes 75 more seconds longer than in the base

6 case.

7 Q. Okay.  And then in Table 2 my

8 understanding is that you provide the results

9 after reallocating voting machines at the voting

10 places in Dr. Yang's sample; is that right?

11 A. Yes.  It's effectively the same, but,

12 just as you've said, I did a reallocation of

13 machines.

14 Q. Okay.  So in Table 2 you provide -- I'm

15 sorry.

16 So -- and then in Table 3, tell me what

17 the information you provide in this table is.

18 A. Okay.  So Table 3 is for Scenario 2.

19 So now average time to vote, I believe, was six

20 minutes.  And here I just put in the base case

21 from Dr. Yang when there's a straight-ticket

22 vote option, and I put in the result from the
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1 descriptive model, in which case, again, the

2 time for the straight-ticket voter to vote would

3 go up by 75 seconds.

4 And in this case I believe I -- this is

5 Table 3.  So I've assumed that we would

6 rebalance the machines, reallocate the machines

7 as done, I guess, in Table 2.

8 Q. So under Scenario 2 you did not provide

9 the results of your descriptive model without

10 reallocating voting machines; isn't that right?

11 A. That's right; I guess I did not put

12 that into the report.

13 Q. What were the results without

14 reallocating the voting machines?

15 A. What were the results?  Well, I'd have

16 to go back and look.

17 But, you know, this scenario, to start

18 with, was somewhat implausible, because at six

19 minutes -- an average time to vote of six

20 minutes at this very first site, if that were

21 true in 2016, they would have had -- they would

22 have been open, I think, until 1:00 a.m. or
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1 THE WITNESS:  Well, you know, I think

2 if there's an hour or two wait time, yes.

3 BY MR. OSHER:

4 Q. Did you look for such reports of long

5 lines in 2016 in these counties?

6 A. Yeah, I tried.  I did Google searches

7 for -- you know, under the notion of "long wait

8 times Texas election day 2016," "long wait times

9 Travis County election day 2016."  I could not

10 find anything.

11 Q. Okay.

12 MR. DISHER:  Good time for a break,

13 Daniel?

14 MR. OSHER:  Sure.  How long do you want

15 to break for?

16 MR. DISHER:  Ten minutes is fine.

17 MR. OSHER:  You want to come back at

18 2:00 Eastern?

19 MR. DISHER:  Yeah.

20 MR. OSHER:  All right.  Sounds good.

21 THE VIDEOGRAPHER:  Okay.  We're going

22 off the record.  The time is 1:50 Eastern.
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1 (Recess taken.)

2 THE VIDEOGRAPHER:  We're going back on

3 the record.  The time is 2:04 Eastern.

4 BY MR. OSHER:

5 Q. Dr. Graves, in the last section was

6 there any point at which you couldn't hear me;

7 any technical glitches that would have impaired

8 your ability to understand my questions?

9 A. No.

10 Q. Okay.  Great.  Let's talk about your

11 discussion about reallocating voting machines.

12 Are you able to see your report -- or

13 your declaration?

14 A. Yes.

15 Q. Okay.  So in paragraph 25 you say, "I

16 find that any unacceptable increase in the

17 predicted wait times can be readily mitigated by

18 reallocating the voting machines in the sample

19 of polling sites for each county."

20 Do you see where that is in the

21 declaration?

22 A. Yes.
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1. My first expert declaration in this case demonstrated that the removal of the straight 
ticket option in a state has two major effects on election outcomes: (1) an increase in 
ballot rolloff and (2) longer lines at polling places, which increase voter wait times 
and deter voter participation in elections.  These effects have consistently been 
observed across the past ten decades of American history. Based on analyses of 
historical data across dozens of states and the recent elimination of straight ticket 
voting in North Carolina I concluded that the removal of the straight ticket option will 
likely increase ballot rolloff and decrease turnout in Texas.  My original analyses 
demonstrated that both of these changes are likely to disproportionately affect 
African-American voters in Texas.   

2. Dr. Katz’s report does not take issue with most of my analyses.  His report does not 
dispute my conclusion that straight ticket voting is more prevalent in Texas counties 
that have higher African-American populations.  Likewise, he does not dispute my 
analysis of North Carolina voters that demonstrated a significant decline in African-
American and Hispanic voter turnout in 2016 that was concentrated in counties that 
had high levels of straight ticket voting in 2012.  These undisputed aspects of my 
report are the major pillars supporting my overall conclusions regarding how the 
removal of straight ticket voting will affect voters in Texas. 

3. Dr. Katz spends the bulk of his report on a general critique of my report for not 
meeting all of the requirements of the canonical Rubin causal model.  In particular, he 
asserts that because the treatment I am analyzing—the removal of the straight ticket 
voting option—was not randomly assigned to states and/or voters then, “… no 
statistically valid inferences can be made about the treatment effect from this simple 
comparison of outcomes…” (Katz at 4). 

4. This is an unreasonable standard to apply to social science research on public policy 
interventions as it would require states and localities to either implement policies 
randomly or allow analysts to do so.  Of course, this rarely, if ever, happens in the 
real world, as Dr. Katz admitted.1 For these reasons, almost no published studies meet 
this “gold standard” because randomized policy implementations are virtually non-
existent.  Almost all social science studies and many medical studies could be 
critiqued in this way. 

5. Dr. Katz’s own published works have the exact same claimed deficiencies that he 
identifies in my report (i.e. they do not meet the “gold standard” for causal inference).  
In fact, as Dr. Katz admitted in his deposition, none of his published works have 
employed a randomized controlled trial.2  Further, Katz’s published work on 
redistricting and the growth of the incumbency advantage in U.S. House elections 
relies on comparing how politicians behaved before and after a policy change or 
“treatment,” in this case a Supreme Court ruling requiring regular redistricting.3  The 

                                                      
1 Deposition of Jonathan Katz, June 11, 2020, at 49:10-50:3. 
2 Katz Depo. at 34:7-10.  
3 See Cox, Gary W. and Jonathan N. Katz, “Why Did the Incumbency Advantage in U.S. House 
Elections Grow?”, American Journal of Political Science, May 1996, pages 478-497.  See also, 
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methodological approach used by Katz in these works is analytically similar to the 
work in my report that he critiques as being statistically invalid.   

6. To illustrate the absurdity of Dr. Katz’s generic critique, consider smoking. Under his 
standards for “statistical validity” we would not be able to conclude that smoking 
causes cancer.  This is because there has—thankfully—never been a study that 
randomly assigned a large set of individuals to a condition that would force them to 
smoke cigarettes against their wishes so that they could be compared to a control 
group of people assigned not to smoke. Similarly, there has never been a randomly 
controlled trial to assess the effectiveness of parachutes for individuals jumping out of 
an airplane, nor has there been a randomized controlled trial of the effect of lead paint 
on child health outcomes.  Despite the lack of randomized controlled trials in these 
areas, I am not aware of any reputable scientist who would suggest smoking, jumping 
out of an airplane without a parachute, or exposing oneself to high levels of lead 
paint.  In all of these cases, rather than simply giving up due to the lack of ideal data, 
analysts have combined observational data, well-informed theory, and common sense 
to make recommendations that have no doubt saved lives. 

7. Dr. Katz also criticizes my use of county level data as inappropriate given that the 
treatment being studied—the removal of the straight ticket option—is applied at the 
state level.  This critique is unfounded and misses the point of why I chose to analyze 
county level data.  The straight ticket option was removed from all counties in North 
Carolina, but as noted in paragraph 25 of my first declaration, straight ticket 
utilization varied in North Carolina counties from as low as 33% of voters to as high 
as 75% of voters.  Given such wide variation in straight ticket usage I hypothesized 
there would be and did indeed find differing effects of straight ticket removal based 
on previous levels of straight ticket voting.   

8. Failing to account for variation in previous usage levels, as Dr. Katz appears to 
prefer, would produce misleading estimates of the effects of straight ticket removal.  
To illustrate this problem, suppose there was a nationwide ban on the usage of 
umbrellas and rain coats.  If we were trying to assess the effects of such a policy, Dr. 
Katz would seemingly recommend that we focus on an overall average effect based 
on a nationwide sample.  However, doing so would miss out on important levels of 
variation, in this case among cities or states.  For example, a ban on umbrellas and 
rain coats would likely affect citizens of Seattle, Washington, who experience 
approximately 149 days of rainfall per year and who previously likely used umbrellas 
and rain coats at a higher frequency, differently than it would citizens of Las Vegas, 
Nevada, who experience approximately 27 days of rainfall per year and who 
previously likely used umbrellas and rain coats at a lower frequency. An analysis 
comparing smaller units would account for these differences. 

9. A similar critique presented by Dr. Katz is that levels of straight ticket voting at the 
county level are not a valid metric for analysis because they are “post-treatment.”  

                                                      
Cox, Gary W. and Jonathan N. Katz, 2002. Elbridge Gerry’s Salamander: The Electoral 
Consequences of the Reapportionment Revolution, Cambridge University Press.   
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(Katz at 4). This is a misleading critique because in this case the treatment—straight 
ticket removal—is something being removed from the process, whereas in the 
medical community a treatment is often thought of as an intervention of some kind 
(i.e. a patient starts taking a drug).  The county level straight ticket voting rates I use 
in my report are actually pre-treatment measures, that is, they occurred before straight 
ticket voting was eliminated.  It is critically important to consider these measures in 
assessing post-treatment effects.  To understand why, consider a hypothetical policy 
or treatment that banned the purchase of meat.  If we wished to assess if this ban 
affected the shopping habits of consumers we would want to know how much meat 
the shopper purchased before the meat ban went into effect.  To do this, we would 
likely want to exclude vegans and vegetarians from such an analysis given that their 
pre-treatment meat purchasing would likely be approximately zero.  Likewise, if a 
county had very few voters who utilized the straight ticket option we would expect 
the effects of removal to be minimal, whereas for counties where straight ticket 
voting usage is high we would expect to find larger effects, which is exactly what the 
result of my analyses show.  

10. Dr. Katz presents data in Figure 1 of his report on the correlation between straight 
ticket voting usage and the proportion of voters in a county that are registered as 
unaffiliated with a political party.  He notes that these two variables are correlated 
and then contends that this correlation “confounds” my estimates of the removal of 
straight ticket voting.  (Katz at 5-6).  He supports this contention with an example of 
how a patient who is taking a cholesterol drug and also exercising would confound 
the estimated effects of the drug on cholesterol levels.  It is certainly true that if a 
patient presented with high cholesterol and then on the advice of a doctor they began 
taking a cholesterol drug and started a new exercise program at the same time, it 
would be impossible to assess the precise causal effect of the drug or the exercise.  In 
this case, the exercise would be a “confounding” factor in determining the effects of 
the drug. However, if a patient with high cholesterol who consistently runs 20 miles 
per week begins to take the drug while keeping up the same running routine, then the 
exercise regime would not necessarily be a confounding factor because the exercise 
regime would be constant before and after “treatment.” 

11. Which scenario most approximates the data on unaffiliated voters?  Figure 1 below 
provides a clear answer.  Figure 1 plots the percent of a county’s voters who 
registered as unaffiliated in 2012 against the percent of a county’s voters who 
registered as unaffiliated in 2016.  The correlation between these two variables is 
0.99, which indicates the values are virtually constant across the two election years.  
Comparing this to the analogy above, we would say that the potentially confounding 
factor, unaffiliated voters, was virtually constant before and after the “treatment,” i.e., 
removal of straight ticket voting.  This means that the percent of voters registered as 
unaffiliated in a county could not in any way be confounding my estimates of the 
effect of straight ticket voting removal.4  

                                                      
4 It would be theoretically possible that constant exercise could be a confound in the drug 
analogy, if and only if, the combination of exercise and ingesting the drug produced an effect on 
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Figure 1 
Unaffiliated Voters in North Carolina Counties, 2012 to 2016 

 
12. Dr. Katz also suggest that my focus on North Carolina means that my sample size is 

too small to draw accurate inferences.  (Katz at 7).  This is not a valid critique for at 
least two reasons.  First, in paragraph 13 of my initial report, I note that my co-author 
and I have studied the relationship between the straight ticket voting for all U.S. states 
from 1956-2000 and found that the average level of rolloff increase is 4% when the 
straight ticket option is removed.  North Carolina is used as a recent example of a 
state with high quality data to illustrate the findings for the longer time series.  
Second, my analysis of the voter turnout effects in Table 2 of my original report is 
based on the voting history of over 5,000,000 registered voters in North Carolina.  

13. Dr. Katz’s final critique of my North Carolina analysis is that the overall voter 
turnout rate varied little in the state before and after the removal of the straight ticket 
voting option.  (Katz at 7).  This fact is not in dispute, and it is not relevant to my 
analysis.  Many factors affect the overall turnout rate from year to year including the 
number of new registrants, the candidates, weather, etc.  The analysis of turnout in 

                                                      
the patient different than doing each one separately.  In this hypothetical scenario would we say 
that there is an interactive effect of the drug and the exercise.  This scenario has no analog in the 
straight ticket voting context. The only way that the percent unaffiliated in a county could 
confound the rolloff or turnout rate given the data in Figure 1 is if there were some interactive 
effect between unaffiliated voters and the decision of other voters to rolloff or not vote.  
Theoretically, this seems highly unlikely, and there is no statistical or other evidence to suggest 
this is happening.   
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my original report was an individual level analysis of North Carolina voters that were 
registered to vote both in 2012 and 2016.  I control for their party affiliation, 
ethnicity, gender, and previous voting history and demonstrate the removal of straight 
ticket voting had a negative effect on voter turnout in counties that previously had 
higher levels of straight ticket voting.  This depression of turnout was concentrated 
among African-American and Hispanic voters.  Dr. Katz’s analysis of overall voter 
turnout in North Carolina is in no way relevant to this analysis.  

14. Dr. Katz presents two critiques of my Texas analysis.  (Katz at 9-10).  The first is that 
the matching analysis described in paragraph 54 of my initial report does not match 
on the Hispanic population of each county.  Dr. Katz then notes that the county level 
distribution of the Hispanic population differs considerably between Texas and North 
Carolina.  (Katz at 9, fig. 3).  Dr. Katz offers no further analyses of these data to 
support his criticisms.   

15. If there was a strong relationship between the Hispanic population of a county and the 
level of rolloff or straight ticket voting in a county then it may be important to match 
on this variable as Dr. Katz suggests.  However, Table 4 in my original report does 
not find a statistically significant relationship between the Hispanic population of a 
county and the level of straight ticket voting in a county.  Thus, theoretically there is 
no justifiable reason to match on this variable. 

16. Nonetheless, in Table 2 below I report the results from my original post-matching 
analysis along with a new analysis that matches on the Hispanic population of a 
county along with all of the original variables in my initial model.   

Table 2 
Matching Analysis of North Carolina and Texas 

 
 Original Analysis New Analysis  
Variable Coefficient 

(Standard Error) 
Coefficient 

(Standard Error) 
Straight Ticket Voting -1.55* 

(0.22) 
-1.86* 
(0.41) 

Obama Vote 2012 -0.01 
(0.01) 

-0.02 
(0.02) 

Percent Poverty -0.07* 
(0.02) 

-0.08* 
(0.03) 

Percent African-American 
 

0.03* 
(0.01) 

0.05* 
(0.02) 

Voter Turnout 2012 
 

-0.03 
(0.02) 

-0.03 
(0.03) 

Percent Hispanic 
 

- 0.01 
(0.02) 

Constant 2.93 
(1.45) 

3.66 
(2.24) 

Number of Cases 80 25 
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Adjusted R2 0.52 0.77 
Balance Statistic 0.99 1.00 

*Indicates statistically significant results. 

17. Two things stand out in comparing these two analyses.  First, the results across both 
analyses are remarkably similar.  The estimated effect of removing the straight ticket 
voting option on rolloff increases from 1.55 to 1.86, which is a modest change.  All 
the other control variables have similar coefficients across the two models and the 
newly added variable for percent of the county that is Hispanic is not statistically 
significant.  Second, by matching on Hispanic population, fewer counties are retained 
for the post-matching analysis as the number of retained counties drops from 80 to 
25.5  It is not ideal to have such a small number of cases, but the important take away 
from Table 2 is that the results in my original report are confirmed and robust to the 
alternative model specification proposed by Dr. Katz.  

18. Dr. Katz’s second critique of my matching analysis concerns the multivariate balance 
statistic, L1.  In particular, Dr. Katz notes that in my original analysis this value is 
0.99, and he implies that this means the matching “failed.”  (Katz at 10).  This 
critique is without merit as confirmed by the documentation that accompanies the 
Coarsened Exact Matching that I employed for the analysis.6  As the documentation 
notes on page 6, “The L1 values is not valuable on its own, but rather as a point of 
comparison between matching solutions.” As Dr. Katz admitted in his deposition, 
there is no critical value that determines whether a matching solution failed or not.7 
But Dr. Katz also does not compare the L1 for my analysis to any other matching 
solution, so it is by definition a baseless critique. He also admitted that he did not 
generate other matching solutions to compare mine to, which again renders his 
critique invalid.8   

19. Substantively, the 0.99 L1 statistic indicates that there is not a perfect balance 
achieved through the match. This means that the counties that were retained for the 
analysis are not perfectly identical on the matching factors.  If the retained counties 
were perfectly identical on all relevant variables we could simply take the mean 
rolloff rate in North Carolina and project this as our estimate for Texas.  However, it 
is rarely the case that a perfect match is obtained.  In this situation, the authors of the 
Coarsened Exact Matching state on page 13 of the documentation that a “reasonable 
approach in this common situation [lack of a perfect match] is to attempt to adjust for 

                                                      
5 The retained counties in the new analysis are: Ashe, Avery, Carteret, Catawba, Currituck, 
Davidson, Davie, Greene, Henderson, Iredell, Johnston, Lee, Lincoln, McDowell, Moore, Stanly, 
Stokes, and Wilkes in North Carolina; and Grayson, Gregg, Henderson, Liberty, Orange, and 
Parker in Texas.   
6 See Blackwell, Matthew, Stefano Iacus, Gary King, and Giuseppe Porro, “CEM: Coarsened 
Exact Matching in Stata.” Available at: https://gking.harvard.edu/files/gking/files/cem-stata.pdf. 
7 Katz Depo. at 157:9-158:3. 
8 Katz Depo. at 161:3-162:8. 
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the remaining imbalance via a statistical model.”9  This is precisely what I did in 
Table 6 of my original report and in Table 2 above.   

20. For this post-matching analysis, I included the original variables that I used to match 
the counties as statistical controls in my model of the projected rolloff rate in Texas.  
Doing this controls or holds constant the remaining variation on these variables across 
the two states.  This is a very common way of handling the lack of perfect balance 
that is the accepted standard in the field.  In essence, this was a two-step process, first 
the counties are matched to find the most similar cases for analysis.  Doing this 
allows us to exclude outlier cases that would potentially skew the results.  Then the 
remaining cases are subjected to a standard statistical model, in this case a regression, 
which allows for assessment of the potential effects of straight ticket removal in 
Texas.    

21. This post-matching regression analysis is referenced in my original report in 
paragraph 55. Dr. Katz provides no commentary on this post-matching analysis in his 
report and dismisses it in his deposition by claiming, without evidence, that it is 
invalid due to non-linearity.10  I have conducted standard post-regression diagnostic 
testing and have found no evidence of a non-linear relationship between the variables 
in the model and the dependent variable, the rolloff rate.  Therefore, it is my opinion 
that this critique is without merit. 

22. To conclude, Dr. Katz’s critique of my original declaration is largely a generic 
criticism that the analysis does not employ perfect, randomly generated data or 
conform strictly to the gold standard of a randomized controlled trial.  As Dr. Katz 
admitted in his deposition, the conditions necessary to meet this standard are rarely, if 
ever, possible in the real world, and especially with regard to public policy 
interventions.  Thus, my analysis in this case relies on the best available data both 
from North Carolina’s recent experience and all known examples of states removing 
or adding the straight ticket voting option over the past five decades to forecast how 
the removal of straight ticket voting will affect the voting process in Texas.  My 
analyses demonstrate that the removal of the straight ticket voting option is likely to 
produce an increase in ballot rolloff in Texas and a decrease in voter turnout in areas 
that previously had high levels of straight ticket voting.  Given the distribution of the 
population in Texas counties, straight ticket voting usage rates in Texas, and the 
disproportionate costs of voting faced by African-American voters, it remains my 
expert opinion that the removal of straight ticket voting will disproportionately affect 
African-American voters in Texas.   

 

  

                                                      
9 See Blackwell, Matthew, Stefano Iacus, Gary King, and Giuseppe Porro, “CEM: Coarsened 
Exact Matching in Stata.” Available at: https://gking.harvard.edu/files/gking/files/cem-stata.pdf. 
10 Katz Depo. at 165:12-166:22. 
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I reserve the right to supplement this and other reports in light of additional facts, 
testimony, and/or materials that may come to light. Pursuant to 28 U.S.C. 1746, I declare under 
penalty of perjury under the laws of the United States of America that the foregoing is true and 
correct.  

Dated: June 19, 2020  

 

By:  

 Jason M. Roberts  
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IN THE UNITED STATES DISTRICT COURT 
FOR THE SOUTHERN DISTRICT OF TEXAS 

LAREDO DIVISION 
 

Sylvia Bruni, Texas Democratic Party, DSCC, 
DCCC, and Jessica Tiedt, 

Plaintiffs, 

v. 

RUTH HUGHS, in her official capacity as the 
Texas Secretary of State, 

Defendant. 

 

 

 

Civil Action No. 5:20-cv-35 

 

 

EXPERT DECLARATION OF MAXWELL PALMER 

I, Dr. Maxwell Palmer, am over the age of 18, have personal knowledge of the facts 
stated in this declaration, and can competently testify to their truth. 

1. My original report in this matter, submitted on March 30, 2020, examined straight ticket 
voting (STV) and racially polarized voting in Texas. I found that in the ten counties with the 
largest numbers of votes cast in 2018, Black and Hispanic voters utilized straight ticket voting at 
significantly higher rates than white voters. I also found high levels of racially polarized voting 
in Texas; Black and Hispanic voters consistently support different candidates than white voters. 

Response to Dr. Alford  

STV Analysis 

2. Dr. Alford does not contest any of the conclusions or empirical findings in my original 
expert report. Indeed, he appears to use the exact same data and methodology in many of his 
analyses. Dr. Alford presents no evidence differing from my conclusion that Black and Hispanic 
voters use STV at higher rates than white voters in the ten counties I examined. Likewise, Dr. 
Alford presents no evidence against my conclusion that voting in Texas is racially polarized. 

3.  Dr. Alford raises several objections to my conclusions on racial disparities in the use of 
straight ticket voting. First, Dr. Alford suggests that the “scatter around the OLS regression 
prediction line” in Figure 2 of my original report demonstrates that other factors other than race 
account for “variation in the utilization of single-punch STV across these ten counties.” 
Accounting for this variation is not necessary in this analysis because the purpose of the 
ecological regression is to identify differences in the use of STV by race, not to explain all 
variation in the use of STV. 

4. Second, Dr. Alford argues that the ten counties analyzed in my original report “are not in 
any sense representative of the boarder local context of Texas voters in general.” The ten 
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counties I analyzed make up 56% of the statewide Citizen Voting Age Population (CVAP), 71% 
of the statewide Non-Hispanic Black CVAP, 56% of the Hispanic CVAP, 50% of the White 
CVAP, and almost 60% of the total ballots cast in the 2018 general election.1 Given that a 
majority of the non-white population of Texas lives in these ten counties, they are an appropriate 
sample to examine for racial differences in the use of STV. 

5. Dr. Alford presents a new analysis of racial use of STV in Table 1. This analysis relies on 
the same VTD-level data that I used in my primary report. However, Dr. Alford supplements this 
data with new data from Brazoria and Montgomery counties, but not other counties surrounding 
the Houston or Dallas-Fort Worth (DFW) metro areas. Dr. Alford fails to specify the 
methodology he is using and the election years he is analyzing in his report. However, I was able 
to replicate this table exactly using the same methodology in my original report, but analyzing 
the 2018 elections only for each county individually. Dr. Alford does not explain why he 
examines only 2018, why he only reports the results for selected DFW and Houston area 
counties, or why he only reports results for the combined minority group instead of each group 
individually. Dr. Alford also fails to report any measures of uncertainty, such as standard errors 
or confidence intervals, for this analysis. 

6. Dr. Alford’s results in Table 1 present evidence of substantial differences in STV use by 
race in Dallas, Tarrant, Harris, and Collin Counties. According to Dr. Alford, minority use of 
STV exceeds white use of STV by between nine and 22 percentage points in each county. Dr. 
Alford writes, “Table 1 below illustrates the relatively higher use of STV by minority voters 
(with 78.4 percent casting STVs) in Dallas and Tarrant counties, compared to non-minority 
voters (with 60.2 percent casting STVs), a gap of over 18 points.” This analysis confirms the 
results in my original report examining the ten counties casting the highest number of ballots in 
2018; there are significant racial disparities in STV use. 

7. Dr. Alford suggests putting less weight on the urban core counties, Harris, Dallas, and 
Tarrant, where 31% of the total CVAP and 35% of the non-white CVAP of Texas lives, in favor 
of focusing on the suburban counties where fewer minorities live. Even in suburban counties, 
however, the gap in use of straight ticket voting by race persists. Dr. Alford finds a gap of 9.3% 
in Collin County, and a statistically insignificant difference of -0.2% in Denton County. There is 
no rationale for focusing on the suburban counties over the urban counties, or to underweight the 
larger counties in favor of the smaller. Doing so discounts the actual voting behavior of non-
white voters in the places with the largest non-white populations, as well the voting behavior of 
the large number of voters of all racial groups and ethnicities that live in the largest counties in 
Texas. 

8. Dr. Alford argues that “in the urban core counties of these two metropolitan areas, 
minority STV use is relatively higher than non-minority STV use. In contrast, in the more 
Republican suburban counties outside these urban cores, STV is far more equally utilized by 
minority and non-minority voters.” (p.4) Dr. Alford makes his determination that STV use is 
                                                        

1 I rely on the American Community Survey 2014-2018 estimates for all Citizen Voting Age 
Population (CVAP) numbers in this report. https://www.census.gov/programs-surveys/decennial-
census/about/voting-rights/cvap.2018.html. 
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approximately the same between white and non-white voters based on his analysis of only five 
counties (Collin, Denton, Brazoria, Fort Bend, and Montgomery). Dr. Alford does not explain 
why he considered these counties and not others. However, even if we accept Dr. Alford 
assertion that in the non-urban core counties use of STV is roughly equal, that supports the 
finding that there are racial disparities in STV use.2 If the places with the largest minority 
populations, and the largest populations overall, see large differences in STV by race, and the 
places with small minority populations see no differences, then, when averaging these places 
together, substantial racial gaps will remain. 

9. Dr. Alford next presents a county-level analysis with data from 2018 for the 48 largest 
counties in Texas. This analysis is misleading and inferior to the VTD-level analysis in my 
original report and replicated for select counties at the county-level by Dr. Alford in Table 1. 
First, Dr. Alford continues to discount the importance of the larger counties, and the larger non-
white populations living in them, in Figure 1. By plotting each county using identically sized 
points, the figure suggests that each county should have an equal weight in the analysis. Harris 
County, with 2,662,015 CVAP and 1,207,754 ballots cast in 2018, is the same size on this graph 
as Hood County, with 44,280 CVAP and 24,983 ballots cast in 2018. 

10. Furthermore, Dr. Alford’s county-level analysis is inferior to the VTD-level analysis in 
my report because county-level data hides important variation in population and STV usage 
within each county. For example, Dr. Alford identifies Bexar County as an example of a county 
with a large non-White population but relatively low level of STV. A VTD-level analysis of 
Bexar County, however, shows large racial disparities. Using VTD-level ecological regression 
for Bexar County, I estimate that 81% of Blacks and 65% of Hispanics cast a STV in 2018, 
compared to only 49% of Whites.3 Similarly, Dallas and Tarrant counties have comparable levels 
of STV, but Dallas County has a minority population that is about 15 percentage points larger 
than Tarrant County. At a county-level, this suggests a limited relationship between minority 
population and STV. However, the VTD-level analysis in Dr. Alford’s Table 1 shows large 
differences between minority and White use of STV. While Dr. Alford’s county-level analysis 
adds data from more counties, it substantially limits the effectiveness of the analysis to identify 
racial differences in STV use because the data is restricted to only 48 observations, with limited 
variation on the size of the non-white populations (especially for the size of the Black 
population), instead of 4,078 observations in the VTD-level analysis for 2018. 

11. Finally, Dr. Alford suggests that the impact of STV should be analyzed using the total 
number of voters by racial group casting STV ballots, rather than rates of use within each group. 
This analysis is deeply misleading. Given the size of the white population, it is true that more 
whites cast STV ballots than non-whites. However, demonstrating racial differences in use does 
not require absolute differences in the number of people from each group, but relative 
differences among those groups. This standard leads to absurd conclusions. For example, using 
                                                        

2 Additionally, as I show below using VTD-level data and a larger sample of non-urban counties, 
Dr. Alford’s assertion that there not substantial racial differences in STV use is incorrect. 

3 Appendix Table A2 provides the full ecological regression results for Bexar, Dallas, and 
Tarrant Counties. 
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the 2016 numbers reported by Dr. Alford in his Table 2, if 100% of the non-white voters cast a 
straight ticket ballot, and only 63% of white voters cast a straight ticket ballot, then white voters 
would still make up the majority of straight ticket votes. Despite using STV at a rate that is more 
than 50% higher than white voters, this standard would reject racial disparities of STV use in 
favor of non-whites. 

Racially Polarized Voting Analysis 

12. Dr. Alford’s racially polarized voting analysis fully support the conclusions of my 
original report. Dr. Alford performed an ecological inference analysis similar to that in my 
report, and also analyzed additional statewide elections for 2016 and 2018. Across every election 
that Dr. Alford analyzed, he found high levels of racially polarized voting. Dr. Alford reports 
that “Black support for the Democratic candidate is in the low 90% range,” “Hispanic support for 
the Democratic candidate is in the mid 80% range,” and “White support for the Democratic 
candidate is in the low to mid to upper 20% range.” (p.11) This is strong evidence of racially 
polarized voting; large majorities of Black and Hispanic voters support Democratic candidates, 
and large majorities of white voters vote against these candidates. 

Additional Counties Analysis 

13. Dr. Alford suggests that the ten counties I examined in my original report, despite 
accounting for nearly 60% of the total ballots cast in the 2018 general election, are not 
sufficiently representative of the state as a whole. A representative random sample is not 
necessary to show racial disparities in STV use. The analysis in my original report demonstrates 
stark racial differences in STV across in those ten counties. Dr. Alford presents no evidence that 
such a disparity does not exist across these counties. Indeed, his own analysis of individual 
counties in Table 1 confirms these findings. 

14. However, racial disparities in STV use are not confined to the top ten counties or the 
major metropolitan areas in Texas. I collected VTD-level STV data on the next twenty counties 
with the highest numbers of ballots cast in 2018. Of these twenty counties, STV data at the VTD 
level was not available for four counties (Galveston, Bell, Cameron, and Parker).4 Thus, I 
ultimately added sixteen counties to the dataset.5 Table 1 summarizes the demographics of the 
original ten counties, next 16 counties, and the rest of the state. Overall, the updated VTD dataset 
includes 73% of the statewide CVAP, 81% of the Black CVAP, 76% of the Hispanic CVAP, 
67% of white CVAP, and 75% of the total ballots cast in 2018. 

                                                        

4 The VTD-level data published by Galveston and Bell counties did not report straight ticket 
votes. The VTD-level data for Cameron county was only available as a low-quality PDF, and I 
was not able to extract the data in the time permitted. I was not able to find VTD-level data for 
Parker County for the 2018 general election. 

5 I collected data for Brazos, Comal, Ellis, Guadalupe, Hays, Hidalgo, Jefferson, Johnson, 
Lubbock, McLennan, Nueces, Randall, Smith, and Webb Counties. I relied on the VTD-level 
data provided by Dr. Alford for Brazoria and Montgomery counties. 
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Table 1: Demographics of Counties Included in the VTD-Level Analysis 

 CVAP % of 
Statewide  

CVAP 

% of 
Statewide 

Black 
CVAP 

% of 
Statewide 
Hispanic 

CVAP 

% of 
Statewide 

White 
CVAP 

% of 
Statewide 

2018 
Ballots 

Cast 

Original 10 9,996,965 56.0% 70.6% 56.1% 50.1% 58.7% 

Next 16 2,966,170 16.6% 10.6% 20.3% 16.8% 15.9% 

Total 12,963,135 72.6% 81.2% 76.4% 66.8% 74.6% 

       

Rest of State 4,896,365 27.4% 18.8% 23.6% 33.2% 25.4% 

 

15. Figure 2 maps the counties included in the updated dataset. Figure 3 maps the counties 
using a cartogram, where each county is sized in proportion to its total CVAP. The cartogram 
illustrates the representation of a large majority of Texans in the sample. While many individual 
counties are not included, these counties each have very small populations relative to the 
population included in this analysis. 
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Figure 1: Map of Counties for VTD-Level Analysis. The original ten counties are in dark 
green, and the additional 16 counties are in light green. 
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Figure 2: Cartogram of Counties for VTD-Level Analysis. Each county is sized in 
proportion to its total CVAP. The original ten counties are in dark green, and the 
additional 16 counties are in light green.
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16. I used ecological regression to estimate the percentage of non-Hispanic Black, Hispanic, 
non-Hispanic White, and Other voters casting a straight-ticket ballot in the 2018 elections.6 I 
estimated three different models. First, I estimated a model using the ten counties from my 
original report. Second, I estimate a model using the next 16 counties. Third, I estimate a model 
using all 26 counties. Table 2 presents the results.7  The results are consistent across all three 
models. Black and Hispanic voters use STV at higher rates than White voters. Looking at all 26 
counties combined, the difference between Black and White use of STV is 21.8 percentage 
points, and the difference between Hispanic and White use of STV is 11.4 percentage points. 
These differences are substantively large and statistically significant. 

17. The second model in Table 2, the next 16 counties, highlights that the differences in STV 
use across racial groups is not limited to urban areas, but exists in suburban and rural areas as 
well. The differences in STV use by race are slightly higher in these sixteen counties than in the 
top ten largest counties. The difference between Black and White use of STV is 24.2 percentage 
points, and the difference between Hispanic and White use of STV is 13.7 percentage points. 

Table 2: Ecological Regression Estimates For Use of Straight-Ticket Voting by Race in 
2018 

 Original 10 Next 16 All 26 

% Black VAP 82.4 83.7 82.3 

% Hispanic VAP 71.2 73.2 71.8 

% Other VAP 78.7 60.8 79.0  

% White VAP 61.1 59.5 60.4 

 

 

  

                                                        

6 This is the same methodology that I used in my original report in this matter, and the same 
methodology used by Dr. Alford (for individual counties) in Table 1 of his report. 

7 The full regression results are presented in Appendix Table A1. 
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I reserve the right to supplement this and other reports in light of additional facts, 
testimony, and/or materials that may come to light. Pursuant to 28 U.S.C. 1746, I declare under 
penalty of perjury under the laws of the United States of America that the foregoing is true and 
correct.  

Dated: June 19, 2020 

By:  

       Maxwell Palmer   
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Table A1: Ecological Regression Estimates For Use of Straight-Ticket Voting by Race in 
2018 
 

 Original 10 Next 16 All 26 

% Black VAP 0.824 *** 0.837 *** 0.823 *** 

 (0.006)   (0.018)   (0.006)   

% Hispanic VAP 0.712 *** 0.732 *** 0.718 *** 

 (0.004)   (0.006)   (0.003)   

% Other VAP 0.787 *** 0.608 *** 0.790 *** 

 (0.013)   (0.055)   (0.013)   

% White VAP 0.611 *** 0.595 *** 0.604 *** 

 (0.003)   (0.004)   (0.002)   

N 4078        1291        5369        

R-squared 0.989    0.986    0.988    

 *** p < 0.001;  ** p < 0.01;  * p < 0.05. 

 

Table A2: Ecological Regression Estimates For Use of Straight-Ticket Voting by Race in 
2018, Selected Counties 

 

 Bexar Dallas Tarrant 

% Black VAP 0.807 *** 0.778 *** 0.798 *** 

 (0.022)   (0.005)   (0.011)   

% Hispanic VAP 0.652 *** 0.803 *** 0.782 *** 

 (0.004)   (0.006)   (0.009)   

% Other VAP 0.701 *** 0.834 *** 0.643 *** 

 (0.058)   (0.019)   (0.029)   

% White VAP 0.486 *** 0.567 *** 0.632 *** 

 (0.006)   (0.004)   (0.003)   

N 667        758        627        

R-squared 0.994    0.996    0.997    

 *** p < 0.001;  ** p < 0.01;  * p < 0.05. 
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